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Hedge Fund Researchers



HF Population
$2.5T in Commercial Databases ($0.5T are UCITS HFs)

$5T in Total ( + $2.5T from Form PF Funds)

Suorce: Joenväärä, Kauppila, Kosowski and Tolonen (2021)

Suorce: Barth, Joenväärä, Kauppila and Wermers (2022)



Why report to a commercial database?

• Attract capital, build reputation

• But HFs will wait for a good track record before starting to report → backfill bias

• HFs with poor performance stop reporting → survivorship bias

• Many of the best HFs do not report to databases, e.g., Renaissance 

Medallion, Caxton, DE Shaw, SAC, Citadel, etc. 

• Thus, HF databases do not contain the worst left-hand tail or the best right-hand tail 
and are biased toward mediocrity.

• Role of consultants:

• Albourne Partners, Aksia, Blackstone, Cambridge Associates, HSBC,…

• Provide information on funds to most sophisticated clients



Aggregate Performance





Fung and Hsieh (FAJ 2004) 7-Factor Alpha

1. S&P 500 (SP)

2. Russell 2000 – S&P 500 (SCLC)

3. Trend follower: Currency (PTFSFX)

4. Trend follower: Bonds (PTFSBD)

5. Trend follower: Commodity (PTFSFX)

6. Change in 10-year Treasury Yield (CGS10)

7. Change in Credit Spread = Baa yield - 10-year Treasury Yield (CREDSPR)

Returns of “look-back” 
straddles that capture 
payoffs related to the 
maximum or minimum 
values of underlying 
variables

Hsieh's Hedge Fund Data Library - Hedge Fund Risk Factors (duke.edu)

https://faculty.fuqua.duke.edu/~dah7/HFRFData.htm


Fung-Hsieh Alphas, Betas and Fees



Fung-Hsieh Factor Loadings



Global 7-Factor Model

1. Global equity market excess return (Market), Size factor (SMB), and Value 

factor (HML) of Fama and French (2012)

2. Global cross-sectional momentum (MOM) of Asness, Moskowitz, and Pedersen 

(2013)

3. Global time-series momentum (TSMOM) of Moskowitz, Ooi, and Pedersen 

(2012)

4. Global betting-against-beta (BAB) of Frazzini and Pedersen (2014)

5. Liquidity risk (P-S Liq) of Pastor and Stambaugh (2003)

• Clearly this model is ad-hoc as well, but …

• Compared to the Fung–Hsieh benchmark, the alternative global benchmark 
consistently yields a higher adjusted R-squared.



Global 7-Factor Alphas, Betas and Fees



Global 7-Factor Loadings



Declining Alphas by sub-periods



Declining Alphas over time



Time-varying Market Betas



Performance Persistence:

Best Funds Deliver “Alpha”



Early Evidence of Performance Persistence



Jagannathan et al. (JF 2010) Style Index Alpha

• Regress fund excess returns on the market and two HFR style 

indices:

• The first style index is the fund’s self-reported style the second is selected 

to maximize model fit

• Jagannathan et al. also apply a number of econometric techniques to deal 

with excess smoothing and censoring of poor returns due to fund failure

𝑅𝑡 = 𝛼 + 𝛽𝑚𝑅𝑚,𝑡 + 𝛽1𝑅1,𝑡 + 𝛽2𝑅2,𝑡 + 𝜀𝑡



Kosowski et al. (JFE 2007) Bayesian Alpha

• Step 1: regress two non-benchmark assets on the FH seven factors using data back 

to January 1995

• Step 2: regress hedge fund returns on benchmark and non-benchmark assets using 

a 24-month window

• Step 3: compute hedge fund’s benchmark adjusted alpha

• Estimation is conducted in a Bayesian framework – we use the posterior estimate of 

 divided by its posterior standard error
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Procedure for Testing Performance Persistence

1. 2. 3.



Out-of-sample Persistence: Jan 2003 – June 2020 



Are Persistence Test Assumptions Realistic?

• Academic studies assume ”year-end” rebalancing without “lags”
• Alphas are estimated using a 24-month Windom (Jan – Dec) 

• HFs invest in illiquid assets → Valuations take time → Reporting lags

• DD takes often time → Some large HF investors can overcome this

• HFs imposed share restrictions (lockups, notice periods and redemption periods) 
and during the extraordinary times there are gates and suspensions to redeem.

• Blackstone Hires Limin Wang as a Managing Director in Quantitative 

Research

• Limin Wang: “It is realistic to assume that it takes a one quarter to rebalance. We 
use one-quarter lag in our simulations / back-tests.”

https://www.blackstone.com/news/press/blackstone-hires-limin-wang-as-a-managing-director-in-quantitative-research/
https://www.blackstone.com/news/press/blackstone-hires-limin-wang-as-a-managing-director-in-quantitative-research/


Realtime Persistence of Bayesian Alphas

• At each portfolio formation date, we 

only use data from the prior December 

database snapshots.

• Annual December snapshots from TASS 
(2008–2019), BarclayHedge (2006–
2019), and EurekaHedge (2006–2019).

• Although the spreads are significant, the top 

portfolio is significant only for 1%

• Very weak evidence for Bayesian alphas (no 

evidence for Relative Alphas, not reported 

here)

Bayesian alpha t-statistic



5-year rolling FH7alphas of portfolios ranked by 

KNT Bayesian alpha 



Exploiting Predictability: Adding HFs 

to a Balanced Portfolio





Data and methodology

• We consolidate six major commercial databases (BarclayHedge, EurekaHedge, eVestment, Hedge 

Fund Research, Lipper TASS, and Morningstar).

• Our data consist of static fund characteristics and monthly time series of USD-converted net-of-fees 

returns and AUM from January 1994 through December 2016.

• We benchmark hedge funds against an equally weighted portfolio consisting of the S&P 500 and the 

Vanguard Total Bond Market Index fund (VBTIX)—hereafter, called the “stock/bond portfolio”

• We divide our data two subperiods demarcated by the December 2007/January 2008 breakpoint 

that coincides with the timing of Warren Buffett’s bet and, more importantly, defines two subperiods that 

both contain a full stock market cycle.



Methodology

1. Simulate a random selection of 15 

funds each year from the top quintile 

as ranked by the predictor variables 

and repeated the process 1,000 times.

2. Measure the benefit  of an allocation 

to HFs by comparing the performance 

of an equally weighted “stock/bond 

portfolio”—with the performance of a 

multi-asset-class portfolio that 

included a 20% allocation to hedge 

funds selected by the competing 

predictor variables. 

3. Given the diversification potential of a 

hedge fund allocation, we computed 

two utility-based measures to assess 

the value added for risk-averse 

investors.



Delta method of Fleming et al. (JF 2001) 

• “Delta” method of Fleming et al. (JF 2001)

• Can be interpreted as the incremental value of one risky investment over another risky 
investment expressed as a certainty equivalent

• Based on quadratic utility with various levels of risk aversion (γ)

• Quadratic utility as a second-order approximation of true utility

• Utility of strategy p and initial wealth W0 given by

• Can be used to compare two investment strategies p and q

• Can be interpreted as the maximum fee an investor would pay to switch from q to p
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Only FH Alpha and Macro Timing add value to multi-asset portfolio



No more higher Sharpe ratios during the second period



Do Non-listed ”Secretive” HFs

Outperform?
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