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Outline

• In this lecture, we discuss neighborhood effects

• Does living in a deprived neighborhood make residents materially 
worse off than they would otherwise have been over the long run? 

• Why is it so difficult to study these effects?

• The lecture does not follow the textbook
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Why does segregation matter?

• Segregation is a consequence of differences in neighborhood 

quality and income differences in the city

• Segregation is the consequence of, not necessarily the cause of 
income inequality

• The interesting policy question is:

• Given the income differences in the society, is the society (i.e. the 
people) better of if low-, middle- and high-income households live 
in the same neighborhoods as opposed being segregated?

• If yes, social mixing policies might be a good idea

• If not, the resources used in social mixing policies might be more 
effective in some other use
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Which of these cities would be better 
for the citizens? 
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High-income



One low-income family

• What if we provided one low-income 
family the resources to move to the other 
residential area?

• Neighborhood quality would increase

• The children would have different role 
models and peers

• Question: Would the family or the children 
in the family benefit if the family moved 
next to high-income families?

5



Neighborhood effects

• Does living in a deprived neighborhood make residents 

materially worse off than they would otherwise  have been 

over the long run?  

• By, e.g.,  restricting residents’ capacity to develop their talents,  
networks and employability, and thus increasing the risks of them 
becoming, or staying, poor

• Example:

• Does a child’s peer group (neighbors or class-mates) affect the 
educational attainment and future labor market prospects of the 
child?

• If so, what type of policy interventions should we undertake?
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Housing market mechanism and 
selection bias
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Housing market mechanism and 
selection bias
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Housing market mechanism and 
selection bias
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Parents’ resources
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neighborhood quality 

and peer group
Child’s outcomes

?

• Children who grow up in affluent neighborhoods do better later in life

• But is this correlation spurious due optimization behavior by parents or 

a causal effect?



Controlling for observable differences

• One way would be to control for observable differences

• Compare people who are similar, have the same initial income, level 
of education etc., but live in different quality neighborhoods

• However, if we compare similar families why did the families 

make different residential location choices?

• Low-income parents who make the effort to move to a higher 
quality n’hood than observably similar parents may also use more 
other resources in parenting
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Experiments and quasi- or natural 
experiments

• Randomized controlled trial (RCT) is often considered the 

gold standard for causal inference

• This is often done in medical trials

• The treatment group would get the drug and the control group 
would get a placebo 

• Randomization makes sure that the groups are similar on average 
before the treatment and any average difference between the groups 
after the treatment can be attributed to the drug

• Last year’s Nobel Prize in economics was rewarded to people 
studying poverty and development using RCT’s
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Randomizing location choice?
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Experiments and quasi- or natural 
experiments

• You may have heard that economics or social sciences more 

general are not experimental sciences

• But this is not quite true anymore

• There are more and more experimental studies being done

• E.g. the Finnish basic income experiment 

• In addition, we can often rely on quasi- or natural 

experiments

• Let’s look at these research designs more closely
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Moving to Opportunity



Chetty, Hendren and Katz (2016, AER)
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Moving to opportunity (MTO)

• One of the most famous social experiments of all time

• US Department of Housing and Urban Development (HUD) 

Moving to Opportunity Experiment implemented in 1994–1998

• The experiment offered families living in high-poverty 

housing projects (public housing) housing vouchers to move 

to lower-poverty neighborhoods

• 4,600 families at 5 sites: Baltimore, Boston, Chicago, LA, New York

• Families signed-up for the experiment voluntarily (implications?)
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Moving to opportunity (MTO)

• Families randomly assigned to one of three groups:

1. Experimental: housing vouchers restricted to low-poverty (<10%) 
Census tracts

2. Section 8: conventional housing vouchers, no restrictions

3. Control: public housing in high-poverty (50% at baseline) areas

• Of course, the families were not forced to move, they were 

just offered a voucher to do so

• Section 8 and control groups serve as the counterfactual

• I.e., what would have happened to the children in the experimental 
group had they not received the treatment (= the offer)
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Moving to opportunity (MTO)

• Large literature on MTO has found significant effects on, for 

example, adult mental health and subjective well-being

• But these studies have consistently found that the MTO had 

no impact on earnings or employment rates of adults and 

older youth

• Chetty et al. (2016) revisit the MTO experiment and focus on 

its impacts on children of different ages when their families 

moved to better neighborhoods
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Data

• MTO data obtained from HUD

• 4,604 households and 15,892 individuals

• Primary focus: 8,603 children born in or before 1991

• Link MTO data to federal income tax returns from 1996–2012

• Approximately 85% of children matched

• Match rates do not differ significantly across treatment groups
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Analysis

• In baseline analysis, estimate treatment effects for two 

groups:

• Young children: below age 13 at random assignment (RA) 

• Older children: age 13-18 at random assignment

• Average age at move: 8.2 for young children vs. 15.1 for older 

children

• Younger children had 7 more years of exposure to low-poverty 
neighborhood

• Note that MTO treatments naturally changed many other features 
of neighborhoods besides the poverty rate
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The paper

1. Check that groups really look like they are randomized

• Pre-treatment covariates must be balanced across groups (balance 
tests)

2. What is the treatment exactly?

• Compliance: How many took up the treatment?

• Here the treatment is a combination many things

• See how much neighborhood poverty rate changes

3. Main results: 

• Intent-to-treat estimates (ITT) effect of being offered a voucher 

• Treatment on the treated estimates (TOT) effect of being offered a 
voucher and moving
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Impacts of MTO on children below age 13 at RA
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Impacts of MTO on children age 13–18 at RA
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Impacts of MTO on children below age 13 at RA
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Impacts of MTO on children age 13–18 at RA
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Other results

• Children below age 13 at RA in the experimental group

• E.g. more likely to attend college, live in better n’hoods as adults

• Children age 13–18 at RA in the experimental group

• No effects on these outcomes

• Adults in experimental group

• No effects on income

• No gender differences

• The paper reports other results as well

• Opportunity Insights is a wonderful resource if you are interested in 
these issues: https://opportunityinsights.org/
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Explanation from the paper

• Results are consistent with a simple model that combines 

positive exposure effects from moving to lower-poverty 

neighborhoods with a negative disruption cost of moving to 

such a neighborhood 

• The exposure effects outweigh the disruption cost for children who 
move when young, but not for children who move at older ages

• Note that because families in both the control and treatment 

groups moved frequently, the disruption cost must reflect the 

cost of moving to a different type of neighborhood rather 

than a fixed cost of moving houses within the same 

neighborhood or a similar nearby neighborhood
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ITT vs. TOT

• Sometimes ITT is the most interesting estimate

• In the context of the MTO, it is the impact of offering housing 
vouchers

• This is could the most relevant effect given that offering vouchers is 
likely to be the relevant policy (rather than forcing everyone to 
move)

• Sometimes TOT is more relevant

• In MTO, it is the impact of living in better neighborhoods

• Potentially informative for policy discussion on whether we should 
invest in improving existing neighborhoods ("place-making 
policies")

• Although moving may complicate the interpretation a bit
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Public housing demolition as 
a quasi-experiment



Natural or quasi-experiments

• Most often an experimental research design is not available

• Sometimes the researcher is “lucky”, and a government 

policy affects households in a way that resembles an 

experiment

• These instances are referred to as “natural” or “quasi-

experiments”

• Historical episodes that provide  observable,  quasi- or “as if” 
random  variation  in  treatment

• These might be law changes that affect some people, but not others
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Chyn (2018, AER)
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Chyn (2018, AER)

• Studies  the  case  of  Chicago  where  the  housing authority 

began reducing its stock of public housing during the 1990s

• The authority targeted some buildings with poor maintenance for 
demolition while leaving nearby buildings untouched 

• Residents of buildings selected for demolition received Section 8 
housing vouchers and were forced to relocate

• This policy created a treatment and a control group 

“naturally” or by accident

• The housing authority was not planning to divide the residents into 
control and treatment groups for research purposes

• The researcher was not involved in creating these groups
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Research design

• The research  design  compares the young adult outcomes of 

displaced and non-displaced children from the same public 

housing project 

• If these two groups of children and their households  were  similar  
before  the  demolition,  differences  in  later-life  outcomes  can be 
attributed to neighborhood relocation

• The key assumption 

• The demolition decisions of the buildings were unrelated to the 
characteristics of the tenants

• Within a given housing project, the households were (as-good-as) 
randomly assigned to buildings

• This should be valid if the tenant selection mechanism did not allow 
households to sort into buildings (waiting lists) 41



Example: Robert Taylor Homes project
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Research design

• In this type of research design, you need to carefully show 

that the households and children were similar in the control 

and treatment group prior to treatment (demolition)

• If they are similar in terms of characteristics that the researcher can 
observe, it is plausible that they are similar also in terms of the 
characteristics the researcher does not observe

• Balance test!
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Research design

• The second key assumption is that demolition has no effects 

on the children whose building was not demolished (control 

group)

• Prior research on the same demolitions shows that crime fell 

in the projects

• If crime in a neighborhood has a negative effect on children, Chyn’s
results might be biased toward zero

• Both the treatment and the control group might benefit from the 
demolition!
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The paper

1. Check that groups really look like they are randomized

• Pre-treatment covariates must be balanced across groups (balance 
tests)

2. What is the treatment exactly?

• Everyone complies

• Treatment is a combination many things

• See how much the neighborhood poverty rate changes

3. Main results

• Heterogeneity w.r.t gender and age etc.
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Discussion

• Internal validity

• Are the statistical inferences about causal effects valid for the 
population being studied?

• External validity

• Can the statistical inferences be generalized from the population 
and setting studied to other populations and settings, where the 
“setting” refers to the legal, policy, and physical environment and 
related salient features?

• For example, can we learn something concerning Helsinki or other 
cities from the Chicago experience (or the MTO)?
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https://www.taloustieteellinenyhdistys.fi/wp-content/uploads/2019/06/LOW3_31086773_KAK_sisus_2_2019_176x245-

Copy-26-41.pdf
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Recap

• Segregation is a consequence of differences in neighborhood 

quality and income differences in the city

• This type of residential sorting makes it very difficult to 

analyze neighborhood effects

• Sorting leads to correlation between outcomes of individuals and 
their neighbors, but these correlations do not imply causal effects  

• Empirical evidence from the US using experimental or quasi-

experimental research designs shows that in the context of 

these studies there are (causal) neighborhood effects

• However, results from the larger literature show that effects are 
context specific (UK, Canada, Sweden etc.)

• Also, the mechanisms still a black box
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